S

C

Consortium pour la Recherche
Economique et sociale

& SERIE DE DOCUMENTS DE RECHERCHE

Which factors lead to entry or exit from poverty
in developing countries? A meta-analysis of studies
on the dynamics of poverty

Abdoulaye Diagne

Consortium pour la Recherche Economigue et Sociale
Rue 10 Prodongde Cité Iba Ndiaye Diadji
Lot 1 et 2 - Pyrotechnique - Dakar, Sénégal
CP ;12023 - BP ; 7988, Dakar Médina
Tél:(221) 33 864 77 57 - (221) 33 864 73 98 - Fax: (221) 33 854 77 58
Ernail : cres_ucad@yahoo.fr / cres@cres-snuorg
Information : contacti@cres-sn.orng / Site Web ; www.cres-sn.org

2015/78




CONSORTIUM POUR LA RECHERCHE ECONOMIQUE ET SOCIALE

(Preliminary draft, do not circulate or quote
without authors’ permission)

WORKING PAPER

Which factors lead to entry or exit from
poverty in developing countries?
A meta-analysis of studies on the

dynamics of poverty

Abdoulaye Diagne

(VERSION PROVISOIRE)

Mars, 2015

Introduction

Since adoption of the Millenium Development Goals (MDGs) in 1995 by the international
community, poverty has declined in many developing countries. However., it remains
widepsread. Also, many efforts continued to be deployed for a better understanding of the
phenomenon, Studies on poverty in developing countries have made 1t possible to study
important aspects of the phenomenon, notably to target impoverished populations and to define
policies and programmes to reduce poverty. Different approaches with regard to poverty have
been adopred. Started from a monetary approach, there has been fairly rapid evolution towards
an approach based on needs according to which there are certain goods and services which are
critical to humans, regardless of the society thev live in. We could consider this as poverty of
living conditions. Sen (1985) showed the importance of an alternative approach which 1s
concerned with any lack in intrinsic capacitiy {income, education, health, civic rights, human
rights, etc.) which enable the individual to live as they would like to.

Many studies have been carmed out in developing countries and use one of these three
approaches. A commonality is the fact of dealing with cross-sectional data which provide a
detailed description, at a given date, of living conditions of an individual or household. We also
understand that, over the course of one’s hife, and individual or household can alternate between
states of poverty and non-poverty. Some households remain in poverty throughout all penods
(chronic poverty), others are only poor in some periods (transitory poverty), and vet another
group of individuals or households have never lived in a state of poverty. In terms of the fight
against poverty, this change in perspectives 15 also important. It allows us 1o move from the
question “Whao is most likely to be poor at the momem?” to “Who is most likely to remain poor
and who 13 most at risk of becoming poor? (Cappellar and Jenkins 2002). Knowing the factors
which promote an exit from poverty and those which prevent an entry into poverty can make it
possible o design programs which are based on the most effective levers against this
phenomenon. But the lnerature on poverty dynamics primarily addresses the 1ssue in developed
countries, It has been late to include developing countries due to the high cost of repeated
surveys, [tis atter the beginmings of the 20005 decade that these surveys began to be adminsiterd
more often in some of these countries. Also, to date few of these attempts have been able to
draw robust conclusions from the case studies (specific to a country, to rural or urban areas, or
to some group of the population).

The literature offers few studies with a statistical summary of the determinants of poverty
dynamics. Azreen and Noy (2014) produced a meta-analysis of the literature on the effects of
catastrophes on households with an emphasis on poor households and poverty indicators
(income, consumption, housing, health, education). Many types of catastrophes have been
acocunted for (floods, carthquakes, storms, etc.). The studies included in this analysis use cross-
sectional data. Moreover, only the effects of the “catastrophe” determinant of the given poverty
indicator is accounted for, since other control variables have been omited from the statistical
summary. Awaworyi (2014) conducted a meta-analysis of 25 empirical studies containing 595
estimations of the impact of microcredit and of micro savings on poverty and micro enterprise,
This author investigated whether studies were effective in confirming the two common
assumptions with regard to microcredit : it reduces poverty, it has a positive impact on the
performance of micro enterprise, access to microcredit and has a positive impact on poverty
reduction. With regard to poverty, the study concludes that there 15 no robust evidence of a
strong positive impact of microcredit on poverty. Existing studies do not provide a complete
picture of the results which come from research on factors affecting entry into and exit from
poverty, The present paper aims to draw mamn lessons from studies on the factors driving



poverty in developing countries, It amounts to knowing whether the determinants of the poventy
dynamics, which are commonly dentified in the Iiterature, actually play the role that has been
attributed to them in movements in and out of poverty.. Answer to this question provides a lens
through which current programs 1o combat poverty can be viewed in order to know whether
they should continue their efforts in areas which have already been established, or whether some
reorientations should be made towards more effective levers to exit poverty or prevent
households from falling into poverty.

Criven the large diversity of studies examining the impact of determinants of poverty dynamics,
we adopt the meta-analysis approach (Card and Krucger, 1995; Ashenfelter et al. 1999 Garg
anid Strobl, 2000; Pereira and Marmins, 2004). We seek to understand whether there are
systematic relations between the charactenstics of each study and its results. Due to the
difference in the coverage of countries by estimation method, itself resulting from the sampling
characteristics, the type of dependent vanable, etc., we are faced with a situation where the
sources of heterogenity in the results are numerous. The meta-analysis, the main steps of which
were respecified by Stanlev et al. (2013). allows “statistical analysis™™ of a large number of
analytical results from independent studies,

Four questions are answered. First: what 1s the mean effect of the determinants on the entry into
and exit from poverty? The literature offers many contradicting findings about the effective
drivers of movemenmt in and ow of poverty. Synthesizing the resulis
gives a global view on the sens and the size of their effects. Second: are studies on the dynamics
of poverty characterized by a selection bias (publication bias)? It is very likely that a belief that
centain factors have a significant influence on the dynamics of poverty can be explained by a
preference of researchers and editors to only repont results which are statistically significant, It
may also be that this is the result of a self-reinforcing behaviour which tends to favour results
which agree with expected effect. Third: after having controlled for publication bias, 15 there a
real impact on the dynamics of poverty in each of the most commonly cited determinants of
poverty in the literature? In other words, even if publication bias exists, is there nevertheless a
real impact of each of the determmants highlighted in the hterature to explain exit from or entry
into poverty? Fourth: The actual effect of determinants should be isolated from fourth: once
factors having real impact are isolated, papers . publication bias in order o capture its magnitude
and statistical signifiance,

Fourth: What 15 the source of heterogeneity of the effect size of the determunants reported by
the studies? Once the “real” empinical effects are highlighted, and after having accounted for
publication bias, we are can evaluate the sensitivity of these elTects to characieristics ol studies
which make it possible to 1solate the importance of the real effect.

Starting with a sample of 36 studies, and having performed a series of robustness tests, we have
found that publication bias 1s relevant for a number of estimators of poverty, but most of them
have a real effect on poverty dynamics, Finally, accounting for study charactenistics shows that
the estimators of poverty such as secondary education, employment, etc., have some actual
influence on the rates of poverty exit and entry,

The rest of the paper i1s orgamzed as follows. Section | describes the process of collecting data
and presenting the major characteristics of sampling in the works included in the meta-analysis,
Section 2 examines the question of the existance of a selection bias in the studies on poveny
dynamics and the existence of an authentic effect of the estumators of exit from and entry into
poverty. Section 3 procedes with a systematic review of the studies retained in the sample in
order to help uncover the actual effect of each determinant of poverty dynamics. Section studies

the sources of heterogeneity of estimation result using meta-regressions. The conslusion draws
lessons from the results for future research and policy to combat poverty.

1. Empirical Strategy

1.1 Daika and variables

Given that we are principally interested mnthe impact at the micro scale of determinants of
poverly on poverty entry/exit, we only retain those studies which estimate an equation of the
following type:

P = FIBXy e  Ey) (1)

where P* s the probability that an individual or household ¢ will enter intopoverty |, exit from
poverty or transit from status of poverty to anothetat time r. This probability is a latent variable
that 15 only observable over the interval [0 1], Also, it 15 necessary to construct an observable
variable Piywhich is equal to P*,,when it is observable: X;; includes the set of determinants of the
dynamics of poverty, u representsthe fixed or random effects of some studies. The primary
parameter of interest is the vector i, which represents average vraiations in the probability of
entry inta or exat from poverty which can be imputed by the predictors of poverty. The data
needed to estimate equation 1 is to be found in the literature.

The procedure consisis of entering the keywords “poventy dyvnamics, transient poverty, chronic
poverty 7 into ECONLIT, Google Scholar, Science direct and Academic Premier.. By reading
the summaries, a first selection was made to retain studies on developing countries in Africa,
Asia and Latin America and which deal with the dynamics of poverty. We ehiminated for
exampleHeadey, B. & al. (2005), Stevens, A. H. {1999} or Arranz, J..M.{2012) which concern
Australia, USA and Spain respectively. In total 117 articles were selected.. From this subset,
we applied the criteria which define the conditions for references to be included in the studies
to be retained for the study, The following criteria were adopted:

*  The explanatory factors of probability of falling into poverty or the probability of exiting

from poverty.

*  The coefficients, t-ratio or the standard errors of the explanatory factors are providen.
We include studies which meet the critenia mentioned above (36 out of the 117 references).
Among the references selected, there are 25 articles published in academic journals, 8 working
papers and 3 theses Most studies are excluded because they don’t analvze poverty mobality
(AlLE.& Tlukder, ID. (2010); Andriesse, E. & Phommalath, A. (2012); Sartorius, K. & al.
(2013); Akhtar, 5. & al. (2015), Khumalo, P. (2013)). Others are limited o provide transition
matrices (Garbero, A, (2014); Knshna, A. & al. (2004); Urquiza, J. P G. {(2013)).50me go
further by associating the matrices of transition to factors (region of residence, employment,
education level, gender, etc.) to try to analyze the determinants of poverty dynamics. But they
are excluded because the equation (1) is not estimated (Dang, H-A_H. (2014); Nargis, N. &
Hossain, M. (2006). Krstjanson, P. & al. (2010), Beccaria, L. & al. (2013)). Likewise. the
papers which focus on chronic poverty are eliminated (McKay, A. & Lawson, D (2003); Howe,
G, & MeKay, AL (2007); Dhamija, M. & Bhide, S_(2011)).

The following table shows the 36 papers in more detail. Information about the tvpe of document,
the rank of the journall and vear of publication are provided

"' refer to Kiel Institute Internal Journal Ranking bascd on journal ranking by German Economic Association
(2008),
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Once the sampling of the studies to be included has been defined, another step consists of taking stock of and
classifying all factors used to explain the movements of entering into and exiting from poverty. These factors
are grouped into 21 categories such as demographic charactenstics (age, gender), household size, housing
conditions, migration, education, assets {physical assets, hinancial assets and social capital), basic services,
infrastructural services, shocks, employment, etc. The following table shows the distribution of the different
categories based on the references which study the movement of entry into and'or exit from poventy. The
references which analyse ransitory poverty are excluded because we cannm distinguish the movement into
and out of poverty.

Table 2: Number of estimations by tyvpe of category determinamni

Category of determinanis Eniry inio poveriy Exit from poverty Todal
Education kS . 120
Location T3 B2 153
Depemdant within household o7 dqur 16
Physical agset 4] 43 4
Employment 44 45 #4
Shock Sl 23 X
Ape 3l 20 57
Ciender 27 22 49
hoysehold siee 15 e 51
Labour foree within household 21 15 i
Unemployment 21 21 42
Access 1o health 13 ) 20
Social capital el 12 24
Migration I 4 25
Incomi 11 20 3l
Hoasing condition Ll b 14
Ethine group 5 2 I
household composition £ 2 b
Decreased houschold size & [0 12
mearital slatus fh 4 1]
niural shock 3 ¥ 5
Financial assel 1 1] 1
Basic services 1 1] 1
Towl FL 503 1070

It appears that the most commont categories are education, employment, unemployment, location,
demographic factors (number of dependant and labour force within the household (for entry into poverty
mainly), age. gender, household size), physical asset, shock, income (for exit from poverty mamlv). Some
categories includes various measures which is different from study to another. We consider as Education factor
the vears of scooling, the enrollement at school and the level of education {with no education as reference
category in the model). The determinant "Household's head with primary education” in Zampino, 5. (2010) is
not considered because 1t provides the effect size of this determinant in relation to the effect sise of the
“household head whith higher education” For the same, reason, we don’t take account for the vanable related
to educationin Padayachi, R. (2008). Likewise, the determinant “Human capital of households™ and “Human
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capital of neighbourhood™ in Hermrera, J.& Roubeaud, F. (2005} are rejrected beacause they measure the
investment in education,

Concerning the employment category, we select the variable which give the direct effect of access to
employment on the move in (or on the move out of) poverty, The categorical vanable which the coefficient is
interpreted in relation to reference category is rejected. For instance in McCulloch & al. (2007), the effect size
associated with the variables “staved non-farm”™, “moved 1o no=farm™, “maoved o farm™ do nat indicate the
direct effect of these vanables on the poverty dynamics. They are the effect sizes on the entry {or exit) in
poverty in comparison to “stay farm™. For this reason, several variables are rejected like “occupation™ in
Boavudan & Lim (20014), “Employved in formal sector/WAP tot, Emploved in Informal sectorWAP tot,
Unemployved & mactive/ W AP tot” in Herrera and Boubeau (2005), “Staved Non-farm, Moved to non-farm,
Moved to farm™ i MeCulloch & al. (2007) and “Houschold's head wagedskilled worker, Houschold's head
casual/temporary worker, Houschold's head self-emploved™ in Zampino (20100, Thederminants which
indicate that the individual 15 unemploved or mmactive are considerad in unemployment category.

The demographic factors are made up the number of dependant, the labour force within the houschold and the
household size on the hand, The determinants which provide the number of persons aged under 15 vears and
over 65 vears are considered in the category mumber of dependant, The labour force catezory contains the
determinants which give the number of individuals aged between 15 and 64 vears or the adult number in the
houschold, The houschold size is simply the number of member of the houscholds, On the other hand, we
have the age category which representes the age of the househald head or the age of the spouse, The birth vear
in Padavachi {2008) iz not included in the age category because we have the effect size of a birth year in
relation to a birth yvear of reference,

Physical asset includes all the assets of the household: land, vehicle, bicyele, agricultural machinery, canle,
poultry, pigs, the own paid house, etc. The shock category referes 1o the determinant which mean a negative
shock for mstance accidental loss, agnculiural shocks, ceremonial expenses, crop losses, death of mcome
CATIer, ¢Nc.

Some categories like gender and locaiton are not considered in the following of this work because we cannot
harmonize the effect siee. Gender cannot be entered in the analysis as the reference category (male or female)
change from one study to another. For example in Slon & Z0figa (2006) and You (2010} the reference category
15 female while in Lawson & al. (2006), it 15 male. While location includes determinants which represents the
geographic area which can represented by the name of the region of the country. The effect size related to a
regron 15 therefore the effiect of this region on the poverty dynamic i comparison o other regions.

A last step consisted of collecting data on meta-vanables which are likely to explain the heterogeneity of
estimated effects of determinants of the dynamics of poverty, The retained meta-variables are the following,
(1) Document type: dummy variable indicating whether or not the study was published in an academic
Joumal. The documents may be of many tvpes: article, research report, book, workingpaper, PhD
thesis, ete. This varable makes it possible to capture selection bias of the editors which have a
preference 1o only statistically significant resulis which confirm prior expectations,
(2] Indicator of poventy dynamic; variable waking a value of 1 i1 accounting for poveny exit, 2 if entry
and 3 for the overall transition rate.
(31 Level: dummmy varable indicating whether the determinant 15 measured as its level, mking a value
of 0 1f measurning the change rather than level,
(4) Welfare indicator: variable taking a value of | whether the emrmylexit poverty is measured using
consumption expendiures. 2 i using income and 3 i other (the stages of progress in Krishina, A,
& al. (2006) for instance)
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{5) Nature of data: a variable which indicates whether the study uses panel data (1), pseudo-panels (2)
or cross-sectional data (3).

(6] Model: vanable which takes a valwe of | if the mode] uses dichotomous (logit or probat) and O if
another model type.

(71 Africa: dummy varable indicating whether the study deals with an Afncan country, 0 otherwise,
Ciiven that Africa is relatively poorer, we may expect that the factors behind poventy exiventry will
have more of an impact than in Asia or Latin America.

(8] Survey coverage: varable taking a value of 1 of the study is done at national level, 2 iF in a rural
area, and 3 it it deals with urban area.

(9} Geographic level with the modalities of 1 for “macro”, 2 for “micro™ and 3 for “meso”.

(10)  Period: first year of sampling.

(11 Year: vear of publication.

(12 Lobs: the log of the number of observations of the model.

(13) Rank of the reference according to the Kiel Institute Internal Journal Ranking based on journal
ranking by German Economic Association (2008): with the modalities of A+, A, B+, B, unranked
non published.

The estimated coefficients of the determinants or their t-statistics are collected as well as their signs and levels
of significance.

1.2 Sampling characteristics
The works retained in the sampling can be disaggregated by the type of document, the vear of publication,
mural/urban, group of coumnes as well as the tvpe of data and models used,

Table 3: istribution of works by stwdy charpcteristics

Estimations hy

12

Study characteristics Thoe umemis Estimations
docuwment

Sumber  Percentage  MNumber Percentage Average
Type of document
Article 25 GO _44% 34 0, 39 1,36
Kesearch document i 2222 1 22 45% 1,38
Theses i £,33% 4 B.16% 1,33
Comtinent
Africa 14 AR RO, ] 36, 73% 1,29
Latin America O E 00 14 2851 1,56
Asia 13 a6 1% 17 34,69%, 1,31
Publication year
1S 2R z 5, 50% 2 4 (K I
O 20 22 Gl 1% 3l 63, 2T 1.41
20002004 12 1333% L6 32.65% 1,33
Type of data
Panel 3l Bo 1 1% 43 BT, 6% I,3%
Pseudo-panel 2 5.56% 3 6,12% 1,50
Cross-sectional i £,33% 3 6,1X% (Wi
SUFVEY COVEFAZE
Mational {rural and
urkan) 12 13313% ] 36, 73% L,50
Hural natvonal 7 19, 44% 1] 20 41% I,43
LUrbnn nationnl i 8.33% 4 2. 16% 1,33
Kural no-national 13 36,0 1% ] 30,61 1,15
LUrbain no-national | 3 TRYG 3 4 DK 2.0H)
Model estimated
Hazard model L 13.89% ! 15,37 1, =ik
Logit 4 .1% 3 12,24% |50
Lozitmulinomial 4 15 00% 13 26539 |44
Ordered logn | 2. 78% | 214 % 1K)
Probin 7 19, 44% 1] 20,41% 1,43
Hivanate Prabil 1 B339 3 6,1 2% I,
Cuantile regression fi 16,67% & 12,24% 1,06
Tobi | 2.78% I 2.04%% L, Cuk

Type of document and publication dates

The references selected are relatively recem as more than 90% are produced after the vear 2000, with 30%:
between 20011 and 20014 Most of them are articles published in academic journals {69%5). We also note that the
numberof estimartion is higher in articles than other type of document and the most appear in the recent works,

Lroup of countries and rural/urban
The smdies dealtwith 21 countries: 10African countnies (Egypt, Ethipia, Mauritius, Kenya, Madagascar,
Malawi, Miger, Migeria, Uganda and BEwanda), 6Latin American (Peru, Chile, Mexico, Nicarage, Areentina
and Costa Ricaland3Asian (China, Indonesia, lran, India and Philipines). Thineenworks are on Adfrican
countries, ten concern Latin America and twelve carry on Asia. These studies are national representative or
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LLPVET LU CILIRCT THNONGT Tral ares, national urban area or some rural or urban area. Most of them concern some
rural areas (36 %4) or National area {33%)

Types of data and estimated models

The studhes used panel data, pseudo-panels or cross-sectional data. 86% of publications and 91% of
estimations used panel data. Some authors, for a lack of data, used paeudo-panels { 2out of the 36 publications)
T -;russ-'_-;th'mnsl data (3 documents with 3 estimations), The choice of an estimation model depends on many
econometric factors. The nature of the data, the type of variable studied, the number of observations e

r.:ﬁi.:n dit‘l!alll: the use or rejection of one model or another. In collecting our information, it terns out thaf b-mh
logit multinomial and probitlogit models are used quite often, Lchil multinomial models appear in 9
ducum;mﬁ and account for 29%6% of estimations. Probit and logi models are used in 11 studieswhile quantile
regression and hazard model are estimated in 6 and 5 references respectivevly

2. Mean effect of the explicative factors on the dyvonamic of poverss

Two methods are generally used to synthesize the individual effect sizes provided by different studies, The
first is the fixed-effect model which is used when the researcher believe that all the studies included in the
analysis are functionally identical (Boreinhsten & al. (2013)). However when data are collected from a set of
studies that had been done independently, the underlying assumplion of fixed-effect model does not hald. In
this case the random-effects model is more appropriate.  As Soon (2013) and MeEwan (2014}, we use this
second model to estimate the mean (summary) effect of the effect sizes, Following Boreinhsten & al. {2013),
the mean effect is computed as;

w_Lini WK

ETw =
Where k is the number of studies, W} is the weight related to the study i and ¥, is the effect size collected
from the study 1.

The weight Wis calculated as: W, = ﬁ where ¥y, is the within-study variance for study i plus the between-
i

study variance that is: VY, = ¥, + T

We use the method of Dersimonian and Laird suggested by Boreinhsten & al. {20131 io estimate T'2as
follows:

& —df

Té =
c
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The previows formulas are used when each study 15 associated o one effect size. However, in some case we
have study which reports more than one effect sizes related to the same outcome. For instance, SNeilson (2008)
uses different outcomes which related 10 employment namely: business owner, independent worker, public
sector, armed forces, house maid, Other siudy like Imai & al. (2004) estimate four models o investigate the
determinantz of the exit from poverty and use the variable “% local mon-agriculiural employment within
household” related 10 emplovment in each model. Hence, this study provides four efTect sizes associated 1o
employvment. The iszue is how o caleulate the mean effect when we face on such data structure. To deal with
issue, two solutions are suggested by Boreinhsten & al. (2003). We can treat the different effect size from
independently by assuming that the correlation between outcomes from the same study 15 nul. The fundamental
problem of this approach is that it reats the separate outcomes as providing independent information while
the estimations come from the same dataset of households or individuals and therefore are not independent of
each cther (Boremnhsten & al., 201 3). Hence, we assume that the different effect sizes of the same study are
correlated and following (Boreinhsten & al., 2003, the effect size 15 calculated as:

m
1
IR
=1

Where ¥; is the efTect size j of the study i. Tihe variance of the effect size V(¥,) is the mean of the vanance
of the effect size reported in the study i

V(F) = —E7 V(Y.

Afier calculating the summary effect M*, we can calculate its standard error $Ey- and its Z-value which tests
the null hypothesis that the mean effect (or summary effect) is zero.
SEy = — and .'-{"‘=# where V- = -|,'— .

Ve 5y w
The following table gives the mean effect of the explanaory factors retaned. Concerning, education, when
all levels are considered, 1t has a significant negative impact (-0, 12) on the probability 1o fall into poverty
and increase the probability o exi from poverty (0,18). Education has more capacity to exit from poverty
than to prevent households or indivaals to fall in. An interesting result from the studies is the null effect of
primary education on entrving in poverty. This level of education primary education even reduces the
chances of escaping from poverty, It has any significant effecton exit from poverty. This means that it is
insufficient to acquire the skills mecessairy w fight against deprivation. Howecer, having secondary
education reduces the probability o entry in poverty and increases the chances to exit from it Phyvsical
assets and income prevent from falling in poverty and these factors are effective to exit from poverty.  exit
The table shows also three divers in poverty: a high number of the dependants and the houschold size, the
labor force in the household and the unemployment. They prevent also exit from deprivation. The two first
factors are demographic in nature, showing the importance to allow 1o long population policies in a poverty
reduction sirategy. With age, another demographic factor, the chances of falling into poveny decreased
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while augment the chances of escaping from poverty. Finally, the studies do not show an significant impact
of shocks on the states of poverty even each mean effect has the anticiped sign., This result 15 different from
those in studies using cross-section data, showing rather than shocks increase the incidence of poverty
{Aczreen and Moy 2014,

The factors having capacity to prevent from falling into poverty are secondary education, physical assets,
income and age. Except the later, all are levers for policy making. The factors that increase the chances to
fall in poverty are dependants within household. Surprisingly, employment has no sigmificant effect on eniry
in poverty. The factors that increase chances 1o exit from poverly are education all levels combined,
secondary education, and in general, secondary education and income, A high household size reduces the
chances to escape from poverty. Employvment doesn’t increage the probability to exit deprivation.

Table 4: Mean effect of fctors explaining poverty dynamics in developing countries, wsing @ random-elTecis

model
Entry into poverty Exnt from poverty
Mumber  Momber of  Sommar Mumber Momber of  Summar _
Category of studies  observanons v effect 7 value of studies  observanons v effect 4 value

Empll;ri. 9 44 =004 =023 B 44 {1 0] & -0, 1
Education 14 thd R P | i1 72 0,18 2 Bgess
Education primaire 10 3l 0,00} <002 7 22 0,03 0,96
Education secondaire 110 32 =00, 007 -1, 94% 24 LI el 2. 32%w
Age 14 il =00l -2 3% 11 2 SR -0,03
Dependant within N
household 11 &7 o1 3, 10%e= a 44 -0, 10 -1,51
Labour force within 23
household -

Physical assets

Houszsehold size
Shocks

Unemployment

Income

Significant at 108 (*), 5% (**) and 1% (***) levels.

3, Selection bins and actval effect in works in determinants of dvnamics of poverty
The precedent section identified factors that have a significant effect on the poventy dynamics presents diverse
variables as being the drivers of the movements in and out of poverty, We have to venify whether, among these
predictors, there exasts a real effect which 15 not due to either bias induced by a preference for stanstically
significant results, nor to the process of obtaining these results,

3.1 Existence of selection bias

One of the essential questions in a meta-analysis is to know whether studies dealing with a particular research
question are subject to publication bias. A publicanion bias may appear when the publication of a study depends
on the significance and'or direction of the results obtained (Sutton et al., 2000a). It may result from self
censorship on the part of the researcher or altematively may result from the selection by the editonial board of
the pournal (Hedpes, 1992). He demonstrated that studies with resulis which are positive and significant are
meore likely o be submited and published tham studies with resulis which are negative or nul (Bege and Berlin,
1988; Begg, 1994). Publication bias is therefore a major threat to the ability to dissociate the effects due 1o
independent variables and those of other variables which are not accounted for in the rescarch (Laroche,
2007). To detect the potential existence of such a bias, the most used method 15 the "funnel graph™ or "funnel
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plot” (Laroche, 2007). This is a graphical representation which shows the relatonship between the size of
effects drawn from each study and the size of samples. If the graphs uncover a publication bias, statistical 1ests
can provide more rigorous results (Laroche, 2007). This is why we used the funnelasymmetry test, which is
based on a regression model which accounts for both the effect size and the standard deviation, the twa types
of data drawn from the studies (Card and Krueger, 1995, Ashenfelier et al., 1999, Gorg and Stroble, 2001,
According to this test, in the absence of a selection bias, the estimated effect of study i EF;) should not depend
on the standard error (SE;) but instead varies aroundfiwhich is the actual effect (cquation (2})).

EF; = B, + BoSE; + g (2}

In the relationship in {2}, grepresentsthe emor term. The value of the effect estimated by the study should be
independent of its precision. Bias in the selection of publications is detected first by testing for the following
hypothesis: Ho; o= 0. If the hypothesis cannot be rejected, there is a presence of bias in the selection of
publications. In the presence of heteroscedasticity(tested by Breuch-PaganCook-Weisberg test in our work),
the esumators obtained using OLS are imefficient (Egger et al, 1997). We take into account the
heteroscedasticity by estimating  the equation (2] by weighted least squares. Hence, we devide equation (2)
by the standard-error and estimate this new relation {equation (3)) by OLS

l!,=_E.,+_‘:?"-I-p! (3

Equation (3) or ({2) in absence of heteroscedasticity) tests the bias publication of twpe 1. This bias means that
there is a publication degree which privileges a direction of the relation between the two variables of interest. In
the case where the publication favours the signifiance of the results, the selection bias is referred to as type 11
(Laroche, 2007). To test this tvpe of publication bias, we replace the dependent vanable in equation {3 with
the absolute value of the -statistics, which gives the following equation:

il = o+ -+ 1 )

After estimating equation (4) by ordinary least squares, we test the hypothesis Ho : fo= 0. If it cannot be
rejected, there 15 a presence of publication ias. The test of the presence of these two types of selection bias is
performed on each group of determinants poverty dynamics. All the estimations are estimated with the option

cluster in stata in order to take into account the fact that the estimations provided by a same study might be
dependant. Cluster option allow 1o obtain robust standard-error in this situation.
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Table 5: Existence ol publication bias

Déterminant Publication bins of type | Publication bias ol type 11 Publication bias of tvpe | Publication bias of
Education
Education =0,79 .94 1,38 2l
(I {0, Ty {10 86 LR B
Primary ¢ducation -4 115 [JEL .44
{0, 30ny* (002> [k iy s (0 4T7)==
Secondary education =125 147 084 1,590
LR [ dg)ytee L1 A (kS5
Demographics
Ape i3 1,21 023 30
(L= T) 1072 LKLY (S 2)
Houschald size |44 1.52 |48 04
(kA3 LR E F s (1,62 (1, 70%
Mumber nl'd:‘pl:‘nd-;ml. (55 (i 0,54 -2 X
i{1,28) (1245 [k = ee i(1.44%
Labor foree [,28 231
(1,02 0 Aspy==
Physical asset and income
Physical asscis 010 169 097 1.97
(0,01 )ee= (0, 10y *e (0, 27)ese (D,20)ses
Incone a1 204
(015 (0 45"
Embuyy ment
Employment 44 1,2 5% 1.37
(0,440 LR L i0.34) (B Z)***
Unemployment LR IR 003 0,70
(0 3= (0 == {40, 0K] == (ol ===
Shock 0,73 .17 L 1,22
(0,386 (0 A5+ i, 54 (024)% %@

Legend: standard errors are in parentheses; significantan 10%: (*), 5% (** ) and 1%6***) levels; p-values arc adjusted for

cluster
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Table 5 presents the results of the tests of publication ias on the category which have at least 20 observations (se
table 2).Conceming the test of publication bias of type 1, we report the constant terme (fqin equation (3)) if th
test of Breusch-Breuch-Pagan/Cook-Weisbergprovide evidence of heteroscedasticity or the coefficient associates
to standard-error (B i equation (2)) in the absence of heteroscedasticity The category education presents
publication bias of type 2 concerning its effect on entry into or exit from proverty. This mean that the reference
which found a sigmificant effect of education on dynamics of poverty are likely to be published. The disctunction
between primary and secondary education highlights the presence of the two wype of bias between primar
education and the dynamics of poverty. While there 15 evidence of both publication of type | and publication a
type 2 between secondary education and the entry rate, the results highlight only publication of type 2 betwee:
secondary education and exit from poverty,

Among the studies which retain demographic factors as determinants of the dvnamics of poventy, those which us
age and the number of dependant within householdshow a publication bias of type 1 between this factors and th
exit rate.. This mean that there is a preference o publish studies which present a cemain direction in the linl
between this determinants and the probability to move out from poverty.. Conceming the houschold size, there i
evidence of both publication of type | and publication of type 2 concermingt the entry rate. The more people u
the household, the greater the probability that it will fall into poverty if it had not entered it, and the lower are it
chance of exiting poverty once it 15 i it This idea 15 so widespread in works on poverty that a result in the opposit
direction would be consideraed as unpublishable.

[fstudies on entry into poverty and exit from povertypresent both type I and and type 1l publication bia
concermingphysical assets, and unemployment, they show only publication bias of type 11 about the income ans
employment. Finally, we found evidenceof both tvpe [ and and tvpe 11 publication bias between entry rate ans
income on the hand. On the other hand, the studies on exit rate show a publication of type [l about income..

Owverall, published works on the determinants of the dynamics of poverty are pnmarily those which repo
statistical signifiance and an effect which has the expected sign. Even in the presence of selection bias, there i
room to ask whether the impact of the factors retained to explain the poverty dvnamic in fact exists. Tests can b
performed to detect whether this effect of the determinants which are retained in fact exists. Three tesis can b
used to verify whether or not this effect actually exists; the PrecisionEffect Test, the Publication BiasFiltered Effec
and the Meta-Significance Test.

2.2 Existence of an actual effect of the determinants of the dynamics of poverty

In equations (2) and (3), ) can be considered as a "corrected” effect {Sution et al., 2000; Macaskill et al., 2001
According to these models, when the size of the sample tends towards infinity (or when the standard deviatior
tends towards zero), the observed effect tends towards [, The regression coefficient]l; is an estimation of the rea
effect as correcting for publication bias. Starting from this observation, Stanley (2005) proposesa null hypothesi
test for Hy: =0, also known as the PrecisionEffect Test (PET).

The results of the PET can be confirmed or rejected by the Publication BiasFiltered Effect (PBFE). To start of
with, this consists of subtracting the estimated effect (£EF.) of the impact of the bias, withfy *5E, Bgbein:
considered as the constant in equation (3), Then, the value obtained by the subtraction operation is divided by 5E
thecorrected t-t,—corrected is obtained by taking the absolute value of the result:

Leorrecied = 6] — Bol5) . i . o
The presence of an actual effect if the nul hypothesis test Hy: 6, = 0 of equation (6) is rejected:
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_
=Gt (6)

If the hypothesis is rejected, we can conclude that the presence of the effect is real. The last 1251 10 be performes
15 the Meta-Sigmficance Test (MST). The goal of the test 15 to exammne the relatonship between the values of th
student t-test and the degrees of freedom. In the case where the degrees of freedom are not available, we tak
number of observations on which the estimates of the study are base(Stanley (2002, 2005 and 2008). The idea i
based on a well-known propenty known as statstncal power (Cohen, 1969 the size of the standardized effec
varies positively with the size of the sample only in cases where there exists a real effect in the relationship bein;
studied.

The following equation establishes this relation:

In([t]) = ag + @ In(0bs;) (7

{ ¥z representsthe number of observations of study 1, The rejectof the hypothesis Hy: o< 0 indicate the presenc
of real effect.For all three of the tests mentioned above. the estimation method used cluster option in stata..
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1able b: Evstence of authentic effect in publication on the dynamics of poverty

Entry Exit
A Precision effect  Publication bias ~ Meta-significance  Precision effect  Publication bigs
lest fillered effect 1est fest 1esl fliered effeet test
Tucation
Jucation =} (I LR TES (16 (h05 LRI
(0,08) {0.,07) (0,11)*=* {006} ([L,06)
mary education ELIE =012 (a2 it Nz
(00,00)] === (O] e UL (10 (85} TULEH N
wondary education 0,01 14034 0,26 0,12 =[10M01
(00w (0, (12} (0,08 {13 {0,002)
rmographics
1 04 XY 36 05 02
(0, (Kp | e (1) (Wh] o (0, 18)* {05y {000y e
wschold sire 0,01 (1,0 0,06 -1 KN
(0,003)* {0002y (0,19) (00,05 (0,07
imber of dependant 0,08 0,05 048 07 01%
(0 (4 ([0 ye [(21)%= ((hO3y*e (i D6y
bar force A1, iz 5l
(0013} {(103) (0,11)%==
vsical assets ot Income
vsical assets 00,06 -0 W12 03 0,00 -0,003
(0,03) (0,000 *=# (0,08) {0,002} (0L,002)
hme .93 0,005
(0,23)*es (0,003)
lovment
iplovment =g g 0,03 ik, 3 -, 00F3
(O M) ewe (0,02 Uy (0126} [(LXEHE B
employment =Xl <A1 (W)4 - 11 0,13 ih (M} ]
(0,002)* (0,000)** i0,33) (0,22) (0,000 )+ =e
sk 0,104 ), (M2 0,003 0,005 0,002
ALY ___{0002) (0,07) {0,001} {0,002)

Legend: standard efrors are in parentheses; significant at 10% (*), 5% (**) and 1%{***) levels

The PrecisionEffect Test highlight that primary education, secondary education, age, household size, the numbs
of dependant within the household, the employment and the unemplovment have an actual effect on the probabilit
to fall into pu?-er[}--::.Thr: publication bias filtered effect which control for publication bias of type I show that th
categories whn:h hgw:a real effect on the entry into poverty are primary education, age, household size, the numbe
of dependant within the household, physical asset and unemployment But when applying the Meta-Significanc
Tt. we find an authentic effect of education, secondary education, age, number of dependant and labor force o
the entry rate.

Regarding exit rate, the precision effect test provide evidence that only two factors (the number of dependant an
income) have a real effect. When we take into account the publication bias of type I by applying the publicatio
bias fi Ii-:n;d effect, we found that primary education, age, labor force and unemplovment have an authentic effec
on the exit rate. While the meta-signifance test indicates thar education, secondary education, household sz

22

21



number of dependant within the household and physical asset, have a real effect on the probability to exit fror
poverty.

3. Systematic review of works on the determinanis of the dynamics of poverty
The 20 selected documents deal with the determinants of entry/exat of poverty, However, the methods used, th
analytical approaches, etc. are not similar in a manner that the resulis obtained differ from one author to anothes
The systematic review makes it possible to contrast the results of these works and to highlight the similarities ans
differences in the resulis.

A1 Impact of education on dynamics of poverty

Educanon has long been considered as an important factor in poverty reduction. However, the relationship is ver
complex: poverty 1s analyzed as one of the first obstacles to education; but also the absence of (or poor quality of
education contnibutes 1o the development of poverty, OF all the MDGs, education of chaldren, and particularly tha
of girls, increasingly has an impact in the fight against poverty. Education is a powerful tool in improving heald
and productivity; it also contributes to creating conditions for peace and social cohesion in a society. We therefor
expect that education will prevent entry into poverty and promote exit from it. This hypothesis will be verified b
examining studies which deal with the links between education and the dynamics of poverty.

Educanon is one of the factors that are used to analyze the movement in and out of poverty. 17 out of 20 reference
which analyze the move in and out of poverty enter the education among the explanatory factors. Most of work
are conform 10 the hypothesis that 15 1o say they found the expected sign concerning the effect of education o
poverty. 5 studies (Alem, Y. (201 1); Bayudan-Dacucuy, C. & Lim A, (2014); Iman K.{2003); You ). (2011); Faye
0. & al. (2011)) found that the probability to fall into poverty is significantly lower for individual or househols
with a primary education than those who have no education. The results of some studies show also that the effec
of primary, secondary and higher education have a non-significant negative effect on the probability to entry ints
poverty [ Lawson & al. (2006); Jakobsen, K. T. (2011)) On the other hand, many study conclude that education i
key factor to exit from poverty (Glauben, T. & al. (2001 1); Slon, P, & Zumga, E, (2006); Cuesta, J. & al. (2011}
Neilson, C. (2008); McCulloch, N. & al. (2007)). If most of studies found expected results concerning th
education, some present non expected results. For example Cuesta & al. (2011), Imai, K.S. & YouJ. (2014
Imai K.(2003); Lawson,D. & al. (2006); Glauben, T. & al{2011) found a positive effect of primary education o
the entry rate.

3.2 lmpact of physical assetson poverty dvnamics

Poverty is often analyvzed as a primarily rural phenomenon due to the fact that the majority of persons who suffe
from it are found in rural areas. Rural households derive a greater share of their income from agrniculiure, while a
increase in the physical capital (land, equipment, livestock, non-agricultural goods, eic. ) increase their productio:
and income but also reinforce the resilience against shock and therefore help to remove them from poverty.

Of the 20 works, 7 estimated the impact of physical agricultural or livestock assets and 4 estimated the impact a
non-agricultural physical assets. The sign and the significance of this effect change from one study to another bu
maost of the results indicate a negative effect of asset on the probability to fall into poverty and a positive effect o:
the probability to exit. The results of Imai, K5 & You,J. (2014), Imai, K. (2003), Kristjanson, P. & al. (2006]
Lawson, D, & al. (2006), C. Meilson (2008), You, J. (2011) indicate a sigmficant negative effect of physical asse
on the entry rate into poverty and a positive effect on the exit from poverty. In contrast, the resulis of Bokoski, F
K. (2007} and Herrera, J. and Roubaud, F. {200%) don’t conform to the intuition as they found that the value o
livestock owned for Bokoski, F.. K. (2007) and the number of asset owned by household have positive increas
the probability to fall into poverty.

3.3 lmpact of demographics on poverty dynamics

Demographic characteristics of households have long been considered as major determinants of poverty dynamics
We generally assume that poverty has the greatest impact on the youngest, on women, and large households whicl
often have difficulties satisfying their basic need. Also, the MD{s target children under the age of five, girls ans
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women in education, health and women. The concept of feminization of poverty appeared as early as the fourntl
World Conference on Women (1995); 70% of the poor are women. Inequalities between men and women, whil
on the decline, are heavily tilted toward poverty of women. In the sample of works retained, demographic factor
figure systematically among the determinants of the dvnamics of poverty. Praticallv, all the workshave enteres
demographics factors like age, gender, the size of household, the number of dependant or labour force in th
househols vo explain the move in and out of poverty. The results generally confirm the commonly acknowledges
assumption,

Zampino (20100, You (2011), Neilson, C. (2008), Imai, K_5. & You, J. (2014) and Herrera and Roubaud (2003
find a positive and sigmificant impact of age on poverty exit. Bayudan-Dacuycuy, C. & Lim, 1, A, (2014), Lawsor
D. et al. (2006), McCulloch, M. et al. (2007), Slon, P. & Zuniga, E. (2006) and Alem, Y. (2011) find a significan
and negative impact of age on both entry into poverty. They highlight that the expenence of older person
regarding the risk of falling into poverty.

The gender factor does not appear to have a significant impact on poverty dvnamics, In effect, for example a
found in Imai, K. (2003), Alem (2011), Lawson, D, et al. (2006), most author find that the probability to fall ints
poverty is higher for male than female and the exit rate 1s higher for female,

Household size s found to be an important determinant of poverty dynamics. It prevents exit from poverty am
leads househaolds into a state of deprivation. Lawson, D. et al. (2006), Bokaski, F., K, (2007), McCulloch, &
(2007), Herrera, J. & Roubaud, F. (2005), You, J. (20011} and Zampino, 5, (2010} highlight that the size o
household increase sigmificantly the probability to move in poverty while Imai, K5, & You, 1. (2014), Glauber
T. & al. (2011), ). Lawson, D. et al, (2006), Slon, P, & Zuniga, E. (2006) found a significant negative effect on th
move out poverty. These studies highlight that large household size reduces the capacity to provide sufficier
quantity and quality of food to all its members, to care for them when they fall ill, and to ¢nsure a good education
for the children. Other studies explore the decomposition of the household by analvzing the effect of the numbe
of dependant or the labour force on the dynamics of poverty, Most of studies highlight that the number a
dependam decrease the chance 1o exit from poverty (Imai, K. (2003); Glauben, T. etal. (2011), Neilson, C. (20087
Slon, P. & Zumga, E. (2006)) and increase the probability to entry into poverty (McCulloch, N, (2007); Zampinc
S. (2010)). In contrast labor force have a positive effect on the exit rate (Imai, K..5. & You, J. (2014).Slon, P'. &
Zumiga, E. (2006) and the inverse effect on the entry rate (Bayudan-Dacuycuy, C. & Lim, 1., A_(20014).5lon, P, &
Zuniga, E. (2006)).

3.4 Emplovment, community factors and poverty dvnamics

The link between poverty and employment has been widely debated in recent vears. While some authors defen
the idea that employment is the best antidote against poverty, others estimate that it can considerably reduce th
risk of falling into poverty, but is not sufficient 1o eliminate it. For large size families whose wages are low, a full
time job for the houschold head is not sufficient for them to exit poverty. The existence of working poor is a realit
that is well understood in developing countries (OECD, 2004,

Among the 20 studies, 15 evaluated the impact of employment on poverty dynamics (see Table 4). Many authors
for example Imai K. (2003), Glauben, T. et al. (2011), Kristjanson, P. et al. (2006), Neilson, C. (2008), and als
Herrera, ). & Roubaud, F_(2013) armive at the conclusion that wage emplovment 1s a key factor in exiting poverty
If Meilson et al. (2008) and Faye, O. et al. (2011) highlight thatemployment have a statistically significance impac
on poverty, Bokoski, FoK. (2007), Imai, K..5. & You, J. (2014) and Lawson, D. et al. (2006) found tha
employment remains an important determinant which prevents households from entering into a state of deprivatio:
even ifit 15 not statistically significant. In contrast, the sitwation of unemployvment push the individuals into povert
(Alem, ¥, (200 1); Herrera, J. & Roubaud, F. (2005) and decrease the chances to exit from poverty (Alem, Y
(2011); Imai, K. (2003)).

In the context of developing countries, it 15 under-employment, or very reduced activity levels often in a contex
of very short periods of employment, which is explained better by the correlation between poverty exit/entry ans
employment, But works on poverty dynamics have not yet accounted for this predictor. Poverty is often consideres
as a community phenomenon. It 18 often difficult to live in a very poor community and have a decent capacity b
face the nsk of poverty. IF certain collective goods are absent from a locality, the cost of paying to access then
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become prohibitive for most persons who live there. The absence or insufficience of infrastrucutre in the form o
health, education, roads in good condition and nearby markets affect all persons living in the locality. Conversely
the existence of a high quality road hinking the village to an urban centre reduces transaction costs, notably fa
prices of agriculural inputs, and allows producers to sell their harvest at a much higher price. These effecis leas
to an increase in household income, which reduces the nisk of falling into poverty and increases the chances a
exiting from poverty if the household « was previously in poverty.

Similarly in the presence of cooperatives, strong social organizations favour the availability of and access b
collective goods and information which positively changes behaviour, Different indicators are used in studies v
capture the effect of community on the episodes of entry into and exit from poverty: the distance from a marker
participation in collective works and mutual support, the annueal growth rate of income in the village, agnicultura
potential of the locality, etc. For instance, some studies highlight urbanization (Imai, K5, & You, J. (2014)) a
living in urban area (Padayachi, R, (2008); Neilson, C, (2008)) decreases the chances to enter into a deprivatio
situation while Krishna, A. & al. (2006) arrive 1o the conclusion that belonging to a community organization |
key determinant to exit from poverty.

4. Sources of heterogeneity ofthe size effect reportedby the studies

Studies on determinant factors. of the dynamics of poverty differ by the population studied, the sampling. th
estimation method, etc. We should therefore be questioning about the effect of this heterogeneity on the effect size a
the works report.

4.1 Choice of estimation model
The estumation model consists of relating the observed effect and the meta-variables. In all that follows, the indice
i and j respectively designate a determinant of poverty and an estimation. The base model used is the following:
Yi=at+ bXyt ey (8)
where:
- Y18 the value of thecoefTicient 1 rapported by the study j; |
Xiis a vector corresponding to retained meta-variables assumed to be independent from each other;
iIs a constant term.i
b 15 a parameter to estimate;
- i 15 an error term assumed o be independent and independently disinbuted with an average of zero an
constant vanance.

is the observed effect of determinant 7/ on the poverty dynamic. The equation(8) 15 estimated by using the orindar
least squares with cluster option in order to obtain robust standard-error. The meta-vanables which represent th
sources of heterogeneity are: the loganthm of the number of observations, themodel used, the survey coverag
{national, rural, urban), the type of the document (published article, working paper. no-published document), th
continent (Africa or other contingnt), the vear of publication. The estumation concern the categornies which have a
least 20 observations.
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4.2 Sourcesol heterogeneity of determinants of poverty dyvnamics

In this section we present the results of the meta-regressions. The meta-regression allows us to examine whicl
measure of statstical heterogeneity of the estimation results of the vanous studies might be linked o certan
characteristics of these studies (Thompson etal., 2002).1t can therefore help to answer questions such as why th
value of estimated coefficients of determinants is high in some studies and not in others. In our work, the stud:
characteristics included are type of document, the model used, the welfareindicator used (income, consumptio
expenditure or other), the type of data, etc.

All the meta-variables retained to study the source of heterogeneity are not included in all the model because som
meta-vanables are source of multicolinearity. For example, publication year and survey coverage are not includ
in the both primary education model and emplovment model because they are source of multicolinearity {thea
Vector Inflation Factor exceed 20). The vector inflation factor indicate that there 15 no sign of multicolinearity u
the final models (see able A.1 and able A.2).

The table 7 shows the results of the meta-regressions of the entry into poverty. The main factor which explains th
heterogeneity of the categories is the model used in the study because this meta-variable is significant in 8 out o
Il models. This factor is followed by the number of observations of the model (7 out of 11 models), the surve:
coverage (6 out of 11 models), the type of document (5 out of 11 models), the publication year of the reference
(4 out of 11 models), the welfare indicator (income, expenditure or other) used 1o measure poverty (3 out of |

models) and the continent (3 out of 11 models). Furthermore, the results highlight that the effects of most o
categories are not statistically different between Africa continent and the other continent except that of househols
size, employment and shock. The effect of household size in the entry into poverty is significantly higher in Afric
than in the other continents. In contrast, the effects of both employment and shock in the entry into poverty ar
higher in the other continents than in Afnca.

The table 8 indicates the results of the meta-regressions of the exit from poverty. The heterogeneity of the effec
size are mainly explained by the survey coverage (7 out of 11 models) followed by the type of the document, th
publication vear (4 out of 1 1 models), the welfare indicator (4 out of 1 1 models), the continent (4 out of 11 models]
the model used (3 out of 11 models) and the sample size (2 out of 11 models). The results show that the effect a
both education, secondary education, houschold size and physical asset on the probability to exit from poverty 1
significantly lower in Africa in comparison to the other continents.
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Table 7: Entry into poverty

i (2) (3) i4) (5} (6} i7
Education  Primary  Secondarye Ape Household Mhbr Labour
education  ducation size dependani force
Log sample sive 0,018 0,002 062 0079 0370 -3 346 A5
{0, 14) {0,03) (0.03) {0.02) (0.02) {1.63) (0.03)
Modeliref= autre)
Model=Logitprobit  -1.102"" 0545 672 0,320 0.468"" 30,669 0.280™"
{0,34) {0.23) (0.15) (0.22) (001} (19.25) (0,04
Publication
Year(ref=hefore
2009)
Publication 0.009 0.207"" 40259 0276 -5.251 -0.157
Year=afier 2009 (0.44) (0.05) (010 (0.02) (7.45) (0.07)
The survey
Coverage
(ref=rural)
Coverage=national  -0.750° -0, 1 s -0.500"" 1871 0,094
(0.39) (0.13) (0.03) (4.07) (0.06)
Coverage=urban (0,300 100587 1.243°" 5.343 -LOsT
(111} (0.17) (0.03) {7.12) (008}
Type of document
(ref=article)
Type=Working 0350 0087 o™ 0,187 -8.443
paper {0.44) {0.02) (0.04) {0.12) (4.14)
Type=Other -0, 691 62477 A06TRTT -0E01TT -4 552
{0, 78) (0,02} (0.11) {.08) (11.32)
Continent
i Ref=00her) .
Continent=Afrique 0106 0.024 SIRLEY -0.316 0_B02 19253 0.030
{0.58) (0.16) (0.12) (.19 {0.01) (14.25) (0.09)
Wellare Indicator
(Rel=Expendiiure
)
Indicator=Income 0,021 0,162 -0,159 22,706
(0.16) (0.11) {0.200) (15.71)
Indicator=0ther 0,043 0628 0,067 0376
{00,000 (.00} {0.09) {0.77)
Constant 0.25% -0.029 0.372" 0828 2878 5000 0.564"
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(0.90) (0.06) (0_14) (10.09) {00.14) (11.25) {0.24)
Observations 94 EY a2 3 25 67 23
s 0,314 0,363 01.568 0,916 0.561 0,301 0,824
Nhr cluster 14 10 10 14 % 1 10

Standard errors adjusted for clusters in parentheses
pe 010, Tp= 0005, " pe 0.01
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Table 8: Exit from poverty

Log sample size

Modelirelf= autre)
Model=Logit/probi

Publication
Yearirel=before
20049

Publication
Year=alicr 200%
The survey
COvErage
(ref=rural)
Covernze=natonal

Coverage=urban

Type of docwment
(ref=article)
Type=Workmng
papcr

Type=Oiher

Contiment

[ Ref=0nher)
Contiment=Africa

Welfare Indicator
(Rel=Expenditure

Indicator=Income

Indicatar=Cnher

Canstant

i1}
Education

0,024
{0.02)

0,426
027

649"
{0.25)

-(h 138
i0.15)
0.592"
(0,22

ANR3TTT
{0.26)

i

A1LR50
1020

D]
(0, 301)

2 (3
Primary  Secondarye
education ducation

0,039 - (N8
(0.04) (0.02)
0.172 0 173"
{0.15) {001
-.355"
(013
{0412
(0,32)
S0 ET
(002
0235
(00
0178 077
{0.17) (0.06)
T
(00006}
0,104 0. 797"
((L22) (A7)

i4)
Age

1,024
{001

0,073
{0.17)

<0 (IR
(00.09)

0,074
(0.09)

1.246™"

(0.14)

=(L000
(0.1m

-1.127

(0.07)

-0 168
(0.13)

0,042
{0.16)

0,207
(i 14)

(%) G)

Houschold by

siag dependant
0, W1 ]

(0.01)
-1.556 -0 184
(0.07) (0.10)
-1.318™ 0.023
(0.04) {0.05)
1 475" 0,089
(0.04) (0L05)
174" 0489
(0.04) {0.06)
610" o190
(01l (0L05)
A1 TR
(0.05)
-1, 254 0007
(000) (0L05)
-1 478 1103
(0.04) (0.07)
A 238 -0.104°
{n.14) {0.05)

(7
Ineome

-0, 167
{0.11)

LR

-1.332
IEI.HJ__

oA 945
{0,37)

324
(0any

087"
(00,300
0. 4ks
(0,4%)
| 944
(1.1
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s 0411 0.552 01.835

Nbr cluster [ ! . 8
standard crrors adjusted for clusters in parcnthescs
10, Pp= 005, T p 001

il
0988
11

i
0450
®

49
0,393
9

20
0.573
7



Conclusion

The literature on the dynamics of poverty dentifies numerous factors which impact the
probability of an individual or housheold entering into or exiting from a state of major
deprivatuon. Educaton, demographics (household size, dependency rauo, etc ), agriculiural and
non-agricultural assets, the community they live in, etc,, are the most cited. But are they the
most powerful levers for an individual or household to get out of poverty or avoid falling into
it? Can we then can conclude that anti-poverty programs are in fact based on rigorous
knowledge of factors which have a proven capacity to pull the largest number of individuals or
household out of poverty or prevent them from falling into it?7 The goal of this paper was to
respond to this question using results from quantitative empirical works on poverty dynamacs.
The results of these works are not easily compared due to the variety of dat used, the
methodologies, the size of thesamples, etc. A meta-analysis was used to produce a statistical
summary of poverty dynamics. The analysis of the sample of studies retained in this paper show
that the number of empirical works on poverty dynamics is relatively low compared to those
which use cross-sectional data on poverty. The high costs of producing panel data doutbtlessly
explain this low number. However, the first half of the 20010 decade is marked by an increase
inworks on poverty exit/entry. We can anticipate an increase in the number of works on poverty
exit’entry, particularly in Africa. When we procede with a disaggregation of empinical works
according to whether the dynamic of poverty 15 the entry rate, the exit rate, or the transition rate,
the fact that we are working with limited number of works becomes more apparent. This
distinction should be held in order to effectively contrast the factors which have more of an
impact on exiting poverty than its prevention, We first of all sought to verify whether there 1s
any selection bias in the works on poverty dynamics. The results of tests performed on studies
in the sample which cover the link between poverty dynamics and middle/secondary education
in addition to other indicator vanables of education level donot reveal any selection bias, The
test results are less clear when looking at studies which deal with primary educaton. There may
be a tendency to publish studies which repont sigmificant results for the influence of primary
education on poverty dynamics. Similarly, there is a preference to publish studies presenting
statistically significant result for the link between household size and poverty dynamics. The
more persons living in a household, the greater the probability that they wall fall into poverty if
theyv were not in it, and the lower the chance of exiting it once falling into poverty. Studies on
physical agricultural assets find apublicaton bias with very strong significance. Selection bias
is present in studies which retain non-agricultural physical assets as predictors of poverty
exit'entry. However, no publication bias is found for the category of vanables representing
employment, contrary to factors which aim to capture the impact that the community that the
individual or household lives in may have on the poverty dvanmic. The tests that we applied do
in fact detect a publication bias. In sum, works published on determinams of poverty dynamics
are primarily those which report a significant effect with the expected sign,

Another question that we ask is whether, after controlling for selection bias, the most commonly
cited determinants in the literature indeed have verifiable impact on poverty dynamics. The
existence of an actual effect 15 isolated using the meta-signifiance test. It tends to confirm a real
impact on the probabilities of entry into or exit from poverty. Finally, we aim to evaluate the
influence of study charactenistics on the results themselves. The results show the importance of
the availability of panel data to more rigorously capture the determinants of poverty dynamics.
Similarly, works with relatively large samples covering both urban and rural areas tend to have
maore reliable results.
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Annex Table A.2: Vecior Inflation Factor imuliicolinearity test) for eniry inlo poverty

Table A L: Vector Inflaton Factor imulticolinearity testh for enlry mlo poverly Primary  Secondary e Houschald Nhr Labour Physical

Category Education educanon  education 2 sle dependant  lorce assel
) Prim : n Hoas | M L r  Physical -
Category Fducation cducn?:-:n Ecdiimd';r: Age ':""5?5:{" ! dcpcnt:anl fﬁ: Eﬁi1 Log nbr obscrvations I.53 237 2.44 351 285 .65 207
Model=Logitprobit 1.97 1808 11.88 7.04
Log nbr obscrvations 38 200 5.54 1.76 2.99 124 2.30 240 Publication
Model-Logitprabit 221 323 401 1031 313 11.57 215 1.90 ¥ ear-afer 2009 3.94 290 902 212 9.53 5.19 4.7
Publication Year=after Milicu=national |.55 2558 ROl 1168 b6 1.77 277
2SR o 4,67 365 L | 61 [Ms 268 Milicu=urban 317 . HH2 11.77 7.23 2.67 200
Milicu=national 264 [ 517 6.3 218 222 Type=Working paper 546 634 B.92 1015 ERL
Milicu=urban L0100 .06 5,15 030 1.2 391 Type=Other 203
Type=Woarking paper 388 1.37 154 362 4.59 Continent=Africa 179 416 7.50 433 27 118 4,06 7
Type={hher 383 4,14 ERI 1.73 .53 Wellare
Continent=A rica 393 | &2 358 345 397 4.5% 407 2 4] indicator=Income 465 13.61] 1010 4,78 303
Welfare Welfare
indicator=Income 4.59 4.00 R6% 12.01 232 indicator-Other 462 I.61 1291 636
Wellare
indicator=0ther |.74 |.75 1.53 .72
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